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Abstract 

This study aims to empirically test how different kinds of frames of survey questions 

–“informative” and “accepting consequences” frames– affect the quality of the survey data 

collected. The “don’t know” response rate and the level of opinion diversification were 

adopted as criteria to measure data quality. 

The study reveals “informative” frames, in which background information about 

particular issues or policies is provided in the form of a preamble, did not increase the data 

quality significantly. “Accepting consequences” frames yielded contradictory results 

depending upon the level of the consequences involved. When the questions contain frames 

that facilitate the respondents making an evaluation about the personal-level consequences, 

the data quality significantly improved. However, the quality did not increase in the frames of 

the national-level consequences.  
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Introduction 

Public opinion researchers have long struggled to find methods of minimizing measurement 

errors and, thus, maximizing data quality. However, suggested remedies to these problems 

have yielded conflicting consequences. This is the case because the quality of data itself is an 

extremely ambiguous, contradictory concept which is difficult to test empirically (Price & 

Neijens, 1997).   

Studies have suggested a variety of criteria with which to evaluate the quality of 

survey outcomes: the stability or consistency of opinions (Converse, 1964; Nie, Versa, & 

Petrocik, 1976); the amount of information supporting respondents’ opinions (Bishop, 

Oldendick, Tuchfarber , & Bennett, 1980; Lane & Sears, 1964); the level of conviction 

(Schuman & Presser, 1981); or, the plausibility of implementing the survey results (Key, 

1961).  

Researchers also have focused on discovering variables in the opinion forming 

process that affect the quality of the collected data. Two of the most frequently mentioned 

variables are the amount of information provided to respondents (Fishkin, 1991, 1995), and 

the respondents’ capacity to understand the consequences of the issues involved (Yankelovich, 

1991). Another group of studies has explored a more technical tool to increase the data 

quality by testing the effectiveness of different questionnaire designs: questionnaire length 

(Regula & Bachman, 1981; Yammarino, Skinner, & Childers, 1991); layout formats 

(Manfreda, Batagelj, & Vehovar, 2002; Norman, Friedman, Norman, & Stevenson, 2001; 

Sanches, 1992); or questionnaire structure (Hess et al., 2001; Schaefer & Dillman, 1998).  

However, empirical studies of the effects of maximizing the amount of information 

provided and the level of emphasis on the consequences of the issues concerned in a 

questionnaire setting have been scarce. With that concern in mind, this study aims to add 
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knowledge to the existing studies of survey data quality by testing the prevailing assumptions, 

within the questionnaire frames, that more information and a greater understanding of the 

consequences of the issues tends to lead to data of higher quality. This study attempts to 

arrive at empirical evidence of how different kinds of frames –informative frames and 

“accepting consequences” frames– of questions affect the quality of the data gathered. We 

also hope to add more detailed observations concerning the effects of the respondents’ 

acceptance of consequences by separately comparing the outcomes of different levels of 

frames –specifically, the personal-level and national-level consequences. Moreover, the study 

also aims to offer a practical guide to how survey research can improve the quality of 

collected data by refining the questionnaire frames used.  

 

Literature Review 

Questionnaire design and data quality 

Previous studies have shown that measurement errors can arise from questionnaire design. 

Babbie (1979) asserts that, particularly in self-administered surveys, the questionnaire design 

needs to be less complex and burdensome than that used in face-to-face surveys.  

Studies have revealed that different layout formats and other graphic cues yield 

detectable differences in data quality (Sanchez, 1992). Questionnaire structure and wording 

has also been investigated. The study of the effects of personal-level versus house-level 

questionnaire design has suggested that the use of a personal-level questionnaire slightly 

increases the data quality in terms of the completeness of the survey (Hess et al., 2001). The 

balance of the questions posed has also attracted researchers’ attention. However, studies of 

this issue have yielded contradictory results. Some studies found that fully balanced questions 

that state both competing points of view tend to yield a more balanced distribution of answers 
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(Narayan & Krosnick, 1996); however, Shaeffer, Krosnick, Langer, and Merkle (2005) assert 

that greater efficiency can be obtained through a minimally balanced questionnaire –that is, 

using questions that state only one viewpoint entirely and only briefly acknowledge the 

alternative viewpoint. Some other studies have pointed out the negative effects of question 

length (Crawford, Couper, & Lamias, 2001; Galesic & Bosnjak, 2009), or the different effects 

of open-ended and closed-ended questions on people’s response pattern (Kwak & Radler 

2002; Schaefer & Dillman 1998). 

Recently, questionnaire design has become a keen focus of interest, since web 

surveys are increasingly popularized, and anyone with access to the Internet can create a 

questionnaire and perform a survey (Couper, Traugitee, & Lamias, 2000). However, those 

survey questionnaires designed by people with no professional or academic training might 

possibly result in data of lower quality and, consequently, would not represent people’s 

opinions in a valid way.  

Researchers find the reason for the larger errors which are found in web surveys in 

their respondents’ “satisficing” behavior. According to “satisficing theory,” some people 

refuse to conduct the considerable amount of cognitive work that is required in order to 

interpret the meaning of the survey questions asked, and also refuse to arrive at the best 

possible responses, thereby providing irrelevant answers (Krosnick, 1991). In web surveys, 

respondents are even more likely to demonstrate this sort of “satisficing” behavior, since 

most people in the Internet environment tend to be engaged in a variety of activities at the 

same time (e.g., multitasking; Holbrook, Green, & Krosnick, 2003). Empirical study of the 

difference in data quality between web surveys and face-to-face surveys reveals that web 

survey respondents are more likely to produce data of lower quality (Heerwegh & Loosveldt, 

2008). 
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Public opinion quality 

Previous studies suggest that quality data can be obtained only when people hold quality 

opinions. One common assertion found in the existing studies about what goes into the 

creation of opinions of good quality is that they can be produced by means of rational 

deliberation by informed citizens. Thus, supporters of this argument have emphasized the 

importance of providing the responding public with more information, appropriate education, 

or more opportunity for discussion of the issues involved in the questionnaire. 

Therefore, in order to facilitate better-informed public opinion, a variety of methods 

have been created: deliberative polls through discussions (Fishkin 1991, 1995; Luskin, 

Fishkin, & Jowell, 2002); and educational polls which inform respondents about the 

background of complex public issues in an attempt to collect more knowledgeable opinions 

(Neijens 1987; Van Knippenberg & Daamen, 1996). 

On the other hand, some researchers argue that being well-informed does not always 

guarantee a higher quality of survey opinions because mere information by itself does not 

lead people to arrive at solutions. Yankelovich (1991), as an alternative to this information 

trap, proposed public engagement or judgment as a criterion for quality. He suggested that 

quality public opinion can be acquired when the public accepts “responsibility for the 

consequences of its views” (p. 24). This idea is related to the argument which Fishbein put 

forward in his “attitude formation model,” which assumes that the more a person believes 

that a particular attitude will result in good consequences, the more favorable that person’s 

attitude will be (Fishbein, 1963).  

Several survey projects have attempted to increase data quality by maximizing those 

two factors –information and acceptance of consequences– in survey questions. A series of 
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educational surveys by the Americans Talk Issues Foundation (ATIF) tested small variations 

in the wording of questions. For example, the survey provided a series of limiting conditions 

such as “how would you rate this proposal…if you know that…” or stated the possible 

consequences of their choice in questionnaires (Kay, Henderson, Steeper, & Lake, 1994). The 

Choice Questionnaire (Neijens, 1987; Neijens, de Ridder, & Saris, 1992) also attempted to 

improve the quality of public opinion by providing more background information on issues 

and policies, and also by encouraging respondents to carefully think about the possible 

consequences of their choices.  

 

Operationalization of data quality 

Previous studies of data quality have indicated that the operationalization of data quality is a 

very complex process, due to the diversity of views about the criteria used to assess data 

quality. Researchers have adopted a mixture of a variety of measurements in order to test the 

level of data quality: the “don’t know” rate and the nondifferentiation of response (Heerwegh 

& Loosveldt, 2008); missing data including the “don’t know” refusal (Couper, 1997); the 

level of consistency between attitudes within individuals’ belief systems (Sturgis, Roberts, & 

Allum, 2005); opinion consistency (Hess et al. 2001; Shaeffer et al., 2005); the response 

times, response rates and length of open answers (Galesic & Bosnjak, 2009); and the item 

nonresponse rate and the prevalence of longer open-ended responses (Kwak & Radler, 2002). 

The item nonresponse rate is also frequently employed: when the average number of 

unanswered questions is small, the collected data is regarded to be of higher quality. Another 

operationalization is the response length. For example, Schaefer and Dillman (1998) regarded 

longer responses to open-ended questions to be an indicator of effective survey measurements.  

However, among a variety of criteria that claim their own legitimacy, one of the most 
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frequently employed criteria for judging comparative survey quality is the “don’t know” rate. 

Previous studies suggest that the presence of a lot of "don't know" responses tends to interfere 

with researchers' reading of opinions accurately, since a "don't know" response is a very 

ambiguous choice which may occur for a number of different reasons. Some researchers 

argue that respondents should be allowed to provide "don't know" answers (especially in 

attitude questions) since they sometimes really have no opinion or have not thought about the 

issue (Converse, 1974). However, another group of researchers argue that a large number of 

"don't know" responses is problematic and may decrease the overall data quality since some 

respondents tend to provide a "don't know" answer as an easy way out even when they really 

do have their own opinion about the issue. Smith (1984) also noted that some people in the 

"don't know" response group may have a certain opinion, despite the fact that their position 

may not be firm or fully articulated. Gilljam and Granberg (1993), based on a survey on 

nuclear power in Sweden, probed the real attitudes of people who offered "don't know" 

responses and found empirical evidence of a "pseudo-nonattitudes" group who refrained from 

expressing themselves, even though they do have an opinion. Studies explain the reason for 

people's propensity to provide a "don't know" response with the lack of respondents’ attention 

to questions or their desire to escape from having to do the cognitive work required in order 

to respond to the survey (Krosnick & Fabrigar, 2005).  

Therefore, survey researchers have tried to find a means of minimizing the number of 

"don't know" responses and, consequently, increase the data quality. One common method is 

not to provide a "don't know" option unless this option has significant implications for the 

study. Another method is to train interviewers to probe all "don' t know" responses in an 

attempt to induce substantive responses (Schuman & Presser, 1981). 

In evaluating the quality of aggregate public opinion, researchers have suggested two 
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opposing criteria: stability and diversity. Some have argued that the level of consistency of 

public opinion is a reflection of the quality of the data obtained. Since the time of Converse’s 

work (1964, 1970), the stability of opinion –which refers to the degree to which people’s 

opinions remain consistent over time– has been regarded as an important criterion of data 

quality. However, studies of the evolving process of public opinion imply that stability may 

not be applied as an indicator of data quality in every phase of opinion development. This is 

the case since, as numerous studies have demonstrated, an individual's opinion is prone to 

change until it becomes final, carefully considered opinion as one is exposed to opposing 

ideas, information and arguments via media and interpersonal contacts.  

Price and Neijens (1997) suggested that different criteria for judging quality might be 

employed, depending upon the phases of opinion formation. These researchers have 

conceived of the opinion forming processes in a serial fashion: first, properly eliciting the 

collective goals or values to the maximum level; then, developing a full range of options; 

then, examining the consequences; then, evaluating options; and, finally, making a sound 

choice. Similarly, the Public Agenda Foundation (2010), a public opinion research 

organization, sees the process of opinion evolution as a seven stage sequence: awareness; a 

sense of urgency; a search for solutions; reacting and resisting; wrestling with alternative 

choices; intellectual assent or resolution; and full resolution. Yankelovich (1991) also noted 

that the quality of public opinion would be formed by its passing through three different 

stages: consciousness raising; working through; and, finally, a resolution stage.  

Based on these researchers’ observations that public opinion evolves according to 

certain stages or phases, it can be inferred that the criteria used for evaluating data quality 

would vary according to the stage in the opinion forming process. As Rohrmann (1986) 

asserted, judging the quality of decision outcomes with a single, fixed criterion is problematic. 
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Specifically, when a certain issue is under vigorous and contested debate throughout 

the nation and, thus, the public is going through, for example, the process of the “evaluating 

options” or “reacting and resisting” stages, the stability or consistency of opinion would not 

be an appropriate criterion by which to measure data quality. At these stages, members of 

society may be encountered who have conflicts and/or disagreements over the policy 

solutions, since the heightened public discourse is not one-sided but rather two-sided or even 

multisided (Zaller, 1992). Therefore, it is natural for public opinion to fluctuate accordingly, 

and, rather than there being a consistency of public opinion, how opinions are diversified 

might better reflect how attentively people are engaged in the opinion forming process.  

Previous studies also indicate that opinion diversification could be another important 

criterion of data collected. It has been argued that the existence of diverse opinions on one 

issue leads people in a society to have a more accurate perception of public opinion 

(O'Gorman, 1975; 1979). Moreover, Huckfeldt, Johnson, and Spraque (2004) also assert that 

the presence of disagreement and political heterogeneity within a society has a positive effect 

on the capacity of citizens to deal constructively with an issue.  

 

Hypotheses 

As mentioned above, the present study attempts to test whether more information and more 

acceptance of consequences do, indeed, lead to higher quality data. As a starting point, based 

on previous studies, the present research assumes that the amount of information and the 

emphasis on accepting consequences within a questionnaire setting would have certain effects 

on data quality. It is also assumed that the direction of the effects would be positive when the 

respondents are provided with more information or more cues that cause them to think about 

the possible consequences in survey questions. Thus, the following hypotheses are proposed: 
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H1: Data quality is significantly higher when survey questions adopt “informative” or 

“accepting consequences” frames than when questions adopt general frames. 

H2: Data quality is significantly higher when survey questions adopt “informative frames” 

than when questions adopt general frames. 

 

Given that the personal-level and household-level questionnaire design yield different data 

quality (Hess et al., 2001), the study also assumes that variations in the consequence level 

would also affect the survey quality, leading to the following hypotheses: 

 

H3: Data quality is significantly higher when survey questions adopt “accepting personal 

consequences” frames than when questions adopt general frames. 

H4: Data quality is significantly higher when survey questions adopt “accepting national 

consequences” frames than when questions adopt general frames. 

 

Methods 

In this study, the independent variable is the kinds of frames used in survey questions. The 

dependent variable is the data quality, as measured by two criteria: the “don’t know” response 

rates and the level of opinion diversification. Thus, three types of data were gathered for the 

study: frames of survey questions; the “don’t know” rates of respondents; and the level of 

opinion diversification. 

 

Sampling and materials 

The survey questions and their corresponding responses were obtained from the Gallup 
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Organization with the help of Gallup Brain, Gallup’s survey database. Within this abundant 

survey data, this study chose the survey results from three topics (economy, healthcare reform, 

and the war on terrorism) over a three year period (October, 2007 to September, 2010). These 

data allow for the exploration of differences in the quality of the data collected. These three 

topics were chosen because they were the most actively debated issues among the public 

during that time period, and the three were consistently listed among the top ten problems 

mentioned in Gallup’s “What is the most important problem facing this country today?” 

question from 2007 to 2010.1 

The search criteria were designed to select relevant questions and corresponding 

responses as precisely as possible. Sets of survey questions and responses were selected if 

they contained the following words: “economic situation,” “financial situation,” or “stimulus 

plan” for the economy topic; “healthcare” or “health policy” for healthcare reform; and 

“terror,” “terrorism,” or “Iraq” for the war on terrorism. Among the survey results, irrelevant 

results that were accidentally included were culled out. This process yielded a total of 308 

sets of questions and responses.  

 

Independent variables: the kinds of frames in survey questions 

Each question was categorized into one of four categories of question frames: “informative” 

frames; “accepting personal-level consequences” frames; “accepting national-level 

consequences” frames; and general frames. The questions with “informative” frames refer to 

those that provide background information about issues in the form of a preamble in order to 

provide respondents with frames of reference.  

For example, the following questions were categorized as adopting “informative” 

frames: “Next, as you may know, Congress and the president recently passed legislation to 
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provide up to $700 billion of government assistance to address the problems being faced by 

U. S. financial institutions. All in all, do you think it is a good thing or a bad thing that the 

government passed this bill?” and “As you may know, Khalid Sheikh Mohammed has 

described himself as the mastermind of the September 11 terror attacks. He is scheduled to 

face trial in New York City. Just your opinion, do you think it would be better to have his trial 

in New York City or better to have it somewhere else?” 

The “accepting personal-level consequences” frames refer to those that facilitate 

respondents’ making an evaluation about the possible impact of certain issues or policies on 

individuals or their families. For example, questions which fell under this category are those 

such as, “How do you think Obama’s economic stimulus plan would affect you and your 

family’s financial situation?”; or, “Now thinking more specifically about how the healthcare 

bill will affect you and your family; do you think the healthcare coverage you and your 

family receive will get better, will not change, or will get worse than it would if no healthcare 

bill passed?”  

Likewise, frames of “accepting national-level consequences” refer to questions that 

ask respondents to evaluate the consequences that certain issues or policies would have on the 

U.S. Questions such as “…if the U.S. withdraws its troops from Iraq, would it be more likely 

to be attacked by terrorists…?”; or, “Taking everything into account, do you think in the long 

run that the new healthcare bill will make the U.S. healthcare system better, will not make 

much difference to it, or will make it worse?” were placed in this category. The "general 

frames" category applies to questions that did not adopt any of the three frames described 

above.  

After the coding process, a total of 38 “informative” frames, 41 “accepting personal-

level consequences” frames, and 37 “accepting national-level consequences” frames were all 
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grouped together. And, by default, the remaining 192 were categorized as "general frames." 

Among the 192 general frame questions, for the sake of comparison with the other groups, 41 

questions were selected by using a systemic random sampling.  

 

Coder reliability 

Forty eight randomly selected questions, 12 from “informative” frames, 12 from “personal 

consequences acceptance” frames, 12 from “national consequences acceptance” frames, and 

12 from the "general frames," were coded by an independent coder, in order to provide a 

coder reliability check. The coefficient as calculated using Scott’s pi, was 0.83.   

 

Dependent variables 

Data quality was measured by two different kinds of criteria: the “don’t know” response rate 

and the level of opinion diversification. This study adopted the “don’t know” response rate as 

one of two criteria for judging the quality of data for several reasons. First, it is one of the 

most conventionally used criteria of comparative survey quality. Krosnick and Fabrigar (1997) 

pointed out that some respondents may choose the “don’t know” category as an easy way out. 

Second, given that the survey questions concerned in this study were regarding issues that 

were among those at the top of the national agenda during the time periods, and also given 

that all respondents might have been exposed to information about those issues from media 

and also from interpersonal communication, the study assumes that the “don’t know” 

responses from participants are more likely to reflect the satisficing behavior of respondents 

rather than a true nonexistence of opinion.  

Another criterion for judging the quality of survey data is the level of opinion 

diversification. Previous studies of the phases of opinion evolution imply that the public is 



The Effects of Questionnaire Frames on Indicators of Data Quality 13  

  

more likely to be engaged in the process of “evaluation of options” or ”reacting and resisting” 

or “working through,” since the three issues concerned (economy, war, health care) were the 

prominent issues in the political and public arenas (Price & Neijens, 1997; Yankelovich, 

1991). Moreover, studies also suggest that respondents tend to be exposed to conflicts and 

disagreements when a certain issue is under extensive debate. Thus, this study posits that a 

more diverse level of public opinion would more closely reflect how extensively, seriously 

and deliberately people are engaged in the discussion of those topics.  

In sum, in this study, a lower “don’t know” rate and a higher level of opinion 

diversification indicate data of higher quality. The “don’t know” response rate simply refers 

to the percentage of respondents who chose the “don’t know” response category in surveys. 

The level of opinion diversity refers to how diverse the opinion is. To measure the level of 

diversity, this study adopted the Herfindahl Index as a main measurement. The Herfindahl 

Index, which is extensively used in Economics to indicate the level of market concentration, 

was used in order to determine how concentrated or diversified the respondents’ attitudes are. 

It is calculated simply by taking the sum of the squares of the percentile shares of each of the 

categories of responses.  

For example, suppose the answer categories of a survey is divided into “a great deal,” 

“a fair amount,” “only a little,” and “not at all,” and that the percentile distribution of each 

category is:  

 

▪ “a great deal” 25% 

▪ “a fair amount” 10% 

▪ “only a little” 5% 

▪ “not at all” 60% 
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In this example, the Herfindahl Index would be 4350, or 

∵ 252 +102 +52 +602 = 4,350 

 

The Index figures range from 0 to 10,000; a high Index figure indicates that the 

market is excessively monopolized, while a low Index figure means that the market is 

diversified. Thus, by analogy, the study interprets a high Index figure to be an indication that 

public opinion is excessively uniform; while a low Index figure means that public opinion is 

diversified. In other words, the lowest possible Index figure (0) tells us that the respondents’ 

evaluation or attitude about an issue is extremely scattered; the highest possible Index figure 

(10,000) indicates that public opinion has reached a state of absolute consensus, because the 

Index figure 10,000 means that a single response category has 100% of the share of responses. 

In sum, the lower the Index figure is, the higher the level of diversification.  

The Herfindahl Index has rarely been used in the area of communications, though it 

has been used in some studies dealing with the media industry (Chan-Olmsted, 1991; 

Stuhlfaut, 2005), and in studies on the content diversity of news (Entman, 2006; Choi, 2009).  

 

Research design 

Data were analyzed using a t-test and an analysis of variance (ANOVA). The t-test was used 

to test differences in data quality between a group of “informative” or “accepting 

consequences” frames and the general frames, which is the concern of Hypothesis 1. The 

ANOVA was used to determine whether significant differences, in terms of data quality, 

would exist among the four groups. To answer Hypotheses 2 to 4, the Scheffe post hoc test 

was used. The study employed the Scheffe method since it always tends to be conservative as 
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the distribution becomes heavier in the tails, and, thus, to act as a control on the Type 1 error 

rate (Ringland, 1983).  

 

Findings  

Hypothesis 1 predicted that data quality would be significantly higher when survey questions 

adopt “informative” or “accepting consequences” frames than when questions adopt general 

frames. 

The mean of the “don’t know” response rate in general frames (M = 5.22 SD = 7.58) 

was higher than that of the three other kinds of frames (M = 2.70 SD = 3.81); and the level of 

diversification was higher in the three other kinds of frames (M = 3931.52 SD = 1192.01) 

compared to the general frames (M = 4528.50 SD = 1010.18). T-tests revealed that 

differences in the “don’t know” rate (p < 0.01) and the level of opinion diversification (p < 

0.01) are statistically significant, thereby supporting H1. The data quality was significantly 

higher when survey questions adopt “informative” or “accepting consequences” frames than 

when questions adopt general frames. The differences are presented in Table 1.  

 

Table 1 about here 

 

The ANOVA revealed that significant differences exist in the “don’t know” response rate (F[3, 

153] = 5.356, p < 0.01) and also in the level of opinion diversification (F[3, 153] = 5.356, p < 

0.01) depending on the use of different kinds of frames. The group means of data quality are 

presented in Table 2. 

 

Table 2 about here 
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To answer H2 through H4, Scheffe post-hoc test was performed. Hypothesis 2 predicted that 

the data quality would be significantly higher when survey questions adopt “informative” 

frames than when they adopt general frames. The mean of the “don’t know” response rate of 

“informative” frames (M = 4.53, SD = 5.99) was lower than that of the general frame group 

(M = 5.22, SD = 7.58); and the level of diversification was higher in the “informative” frames 

(M = 4210.27, SD = 1156.97) than in the general frames (M = 4528.50, SD = 1010.18). 

However, contrary to the study’s assumption, the Scheffe test revealed that the differences are 

not statistically significant (the “don’t know” response, p = 0.945; the level of opinion 

diversification, p = 0.671), and, thus, H2 was rejected.  

Hypothesis 3 proposed that data quality would be significantly higher when survey 

questions adopt accepting personal-level consequences frames than when the questions adopt 

general frames. The mean of the “don’t know” response rate of “accepting personal-level 

consequences” frames (M = 1.42, SD = 1.19) is much lower than that of general frames. The 

level of opinion diversification was also higher in “consequences acceptance” frames (M = 

3610.28, SD = 1058.94) than that in the general frames. The Scheffe test also revealed that 

differences in the “don’t know” response rate (p < 0.01) and the level of diversification (p < 

0.01) are statistically significant. Thus, H3 was supported: data quality was significantly 

higher when survey questions adopt “accepting personal consequences” frames than when 

questions adopt general frames. 

The focus of Hypothesis 4 was in revealing the differences in data quality between 

“accepting national-level consequences” frames and general frames. The mean of the “don’t 

know” response rate in the “national” frames (M = 2.24, SD = 1.52) is lower than that of the 

general frames; and the level of diversification was higher in the “accepting national-level 
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consequences” frames (M = 4001.19, SD = 1308.70) than that of the general frames. 

However, the differences in the “don’t know” response (p = 0.075) and the level of opinion 

diversification (p = 0.245) were not statistically significant, which means that H4 was 

rejected. Results from the testing of Hypotheses 2 to 4 are presented in Table 3. 

 

Table 3 about here 

 

Discussion and Conclusions 

The objective of this study was to empirically test whether the information given and 

people’s acceptance of consequences indeed affect the quality of the data collected. The 

findings summarized in the previous section imply that, at least in the questionnaire setting, 

those two factors are not defining aspects that lead to higher quality data, contrary to the 

previous studies’ extensive emphasis on them as a prescription for data quality. Providing 

more background information about low salient issues in the form of a preamble in questions 

did not significantly increase the data quality. In terms of understanding consequences, the 

data quality was significantly enhanced only when the respondents were provided with cues 

to think about the consequences of an issue or policy on a personal-level; no significant 

increase in the data quality was found when the questions induced respondents to consider the 

consequences on a national-level. 

Specifically, the findings about the minimal impact of information again imply that 

the role of information in the process of obtaining data quality is not straightforward, but is 

rather complex. Even though researchers have made efforts to inform or educate respondents 

of surveys through extensive programs, such as educational polls or deliberative polls in the 

hopes of gathering better opinion data, the findings of the present study suggest that an 
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injection of information is not a panacea for obtaining data of higher quality. 

This result leads us to raise a question about the distinction between information that 

is useful or relevant in the decision making process and information that is not. Despite 

several ambitious survey projects which have tested the effects of information on data quality, 

the information so tested was not background information or objective knowledge, as it was 

in this study. Rather, in most of cases, the information was about the different social or 

political consequences of particular policies or issues. Thus, the information was about a 

series of subjective evaluations of an issue. For example, the Americans Talk Issue 

Foundation’s educational survey (Kay et al., 1994) offered information to participants in the 

form of arguments which favor or oppose particular policies. In a similar way, the Choice 

Questionnaire (Neijens, 1987) tested the differences between situations in which respondents 

are provided with information about the consequences of certain issues and those in which no 

information is given. Thus, in those projects, it is not clear that the changes in the data quality 

derive from the information itself or from the persuasive power of the sources (Price & 

Neijens, 1998). Therefore, more detailed studies about how different kinds of information 

affect the quality of data, are required to clarify the role of information. 

The present study also provides a valuable observation about the function of 

“accepting consequences” frames. The finding shows that the effects of those frames differ 

depending on the level of consequences; higher quality data was obtained only when the 

frames were dealing with the personal-level consequences. This result implies that 

participants tend to take the consequences of issues and policies seriously only when the 

questions are related to their own personal interests. Moreover, conversely, the findings also 

imply how complicated a task it is to make people more engaged in national issues; which, in 

turn, is related to Yankelovich’s argument that people simply do not try to accept the 
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consequences of their opinions on some issues (1991). He further explains the possible 

reasons why people oftentimes do not evaluate the consequences of particular issues, while 

paying greater attention to the consequences of other issues: people may not confront the 

consequences of their opinions when they lack awareness; when they have no time; or when 

they have difficulty in resolving their own conflicting values and ambivalence (pp. 29-30).  

This study is also meaningful in that it tested the applicability of a new method to 

measure the quality of survey outcomes: i.e., the level of opinion diversification. The fact that 

the evaluation of data quality using a new criterion –the level of opinion diversification– is 

consistent with the evaluation based on a rather conventional criterion –the “don’t know” 

response rate– supports the validity of the new criterion. Price and Neijens (1997, quoting 

Foote and Hart’s1953 work), argued that, when the public is evaluating the options of a 

certain policy, the advocates of each competing policy seek to promote their causes using 

persuasive appeals, and that intense public discourse takes place (pp. 340). This is when 

people develop more diverse opinions on current issues. However, it is also worth mentioning 

that more systematic and in-depth studies are needed to clarify the relationship between 

opinion diversification and data quality. 

Although this study contains valuable implications, it also has several limitations. 

First, it does not take into consideration broad kinds of topics. The targets of analysis were 

limited to the questions and corresponding responses to three topics over a three year period 

beginning in October of 2007. Despite the fact that the study attempted to investigate public 

opinion of issues that were under vigorous public discourse, the limited sample used hinders 

the study from arriving at a broader understanding about the relationship between 

questionnaire frames and data quality. Moreover, it is also worth noting that individual’s 

opinions on the three topics of concern in the study could possibly be influenced by their 
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ideological orientation, thus making the effects of the questionnaire’s frames more subtle and 

complex. Therefore, further studies are needed to clarify the extent of influence that the 

questionnaire's frames have.  

Another limitation regarding the criteria used to judge data quality is also worth 

mentioning. Based on the studies of the phases of the evolution of public opinion, the study 

proposed that the level of opinion diversification can be used as a criterion of data quality 

when the issues are under intense debate among the public. However, it is well to reiterate 

that future studies are needed in order to find out the fluctuation pattern of the level of 

opinion diversification depending on the phases of opinion evolution and, possibly, to refine 

the scope of the criterion’s applicability.  

Despite these limitations, the significance of the study lies in its contribution towards 

a better understanding of data quality in far more systemic ways. Based on the findings of the 

study that revealed the rather delicate role which information and accepting consequences 

have in the acquisition of survey data quality, this study can be applied in practical ways by 

suggesting that survey organizers pay more attention to the frames employed in their 

questionnaires. It also has valuable implications for researchers of public opinion. The results 

can serve as an opportunity for researchers to think about the ways to increase the data 

quality of surveys in a more systematic way.  
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Table 1. Comparison between groups 
 General 

Frames 
(N = 41) 

“Informative” or 
“consequences” frames 

(N = 116) 
Don’t know 
response 

5.22 (SD = 7.58) 2.70 (SD = 3.81) 
Level of opinion 
diversification 

4528.50 (SD = 1010.18) 3931.52 (SD = 1192.01) Note: The mean differences are significant at the 0.01 level. 
 

 

 

 

 

 

Table 2. Group means of data quality  
  

“Informative” 
 

(N = 38) 

“Personal 
-level 

consequences” 
(N = 41) 

“National 
-level 

consequences” 
(N = 37) 

 
General 

 
(N = 41) 

Don’t know 
response 

4.53 (SD = 5.99) 1.42** (SD = 1.19) 2.24 (SD = 1.52) 5.22 (SD = 7.58) 
Level of 
opinion 

diversification 

4210.27 (SD = 1156.97) 3610.28** (SD = 1058.94) 4001.19 (SD = 1308.70) 4528.50 (SD = 1010.18) Note: **. The mean difference is significant at the 0.01 level. 
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Table 3. Mean differences from the general frames 
  

“Informative” 
 

(N = 38) 

“Personal 
-level 

Consequences” 
(N = 41) 

“National 
-level 

consequences” 
(N = 37) 

Don’t know 
Response 

0.69 3.80** 2.98 

Level of opinion 
diversification 

318.23 918.22** 527.31 Note: **. The mean difference is significant at the 0.01 level. 
 1.The Gallup Organization regularly carries our surveys asking people the question, “What do you think is the most important problem facing this country today?” Despite small fluctuations, the economy, healthcare, and the war on terrorism have consistently been listed high in the list of problems between 2007 and 2010. In the September, 2008 survey, the economy (58%), the war in Iraq (13%), and healthcare (9%) were the top three problems that the U.S. public considered to be the most important. In August of 2009, the economy (38%) and healthcare (25%) still remained as the top two problems, while people who responded that the war/situation in Iraq (5%) is the most important problem decreased. 
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